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ABSTRACT

Digital Transformation and the Fourth Industrial Revolution, electronic financial services should be provided safely in
accordance with rapidly changing technology changes in the times of change. However, telecommunication finance fraud
(voice phishing) accidents are currently ongoing, and various efforts are being made to eradicate accidents such as legal
amendment and improvement of policy system in order to cope with continuous increase, intelligence and advancement of
accidents. In addition, financial institutions are trying to prevent fraudulent accidents by improving and upgrading the
abnormal financial transaction detection system, but the results are not very clear. Despite these efforts, telecommunications
and financial fraud incidents have evolved to evolve against countermeasures. In this paper, we propose an intelligent over -
the - counter financial transaction system modeled through scenario - based Rule model and artificial intelligence algorithm
to prevent financial transaction accidents by voice phishing. We propose an implementation model of artificial intelligence
abnormal financial transaction detection system and an optimized countermeasure model that can block and respond to
analysis and detection results.
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Fig. 1. A Flowchart of financial transaction

detection and processing (example)
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Table 1. Collection data information for
development of artificial intelligence supervised
learning model
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TRT_BR_NO Transaction Branch Number
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T_1155 Change password
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Balance |featured featured (T_BAL Caleulating current and previous balance |1 - (|Small Amount | / |Large Amount)

Fig. 7. Meaningful feature value classification for data preprocessing
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