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ABSTRACT

As internet expands, the possibility of attack through the network is increasing. So we need the technology which can
detect the attack to the system or the network spontaneously. The purpose of this paper proposes the system to detect
intrusion automatically using the Adaptive Resonance Theory2(ART2) which is one of artificial neural network. The parameters
of the system was tunned by ART2 algorithm using a lot of normal packets and various attack packets which were
intentionally generated by attack tools. The results were compared and analyzed with conventional methods.
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