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ABSTRACT

We present a new multimodal biometric authentication method, which performs both feature-level fusion and decision-level
fusion. After generating support vector machines for new features made by integrating face and voice features, the final decision
for authentication is made by integrating decisions of face SVM classifier, voice SVM classifier and integrated features SVM
clssifier. We justify our proposal by comparing our method with traditional one by experiments with XM2VTS multimodal
database. The experiments show that our multilevel fusion algorithm gives higher recognition rate than the existing schemes.
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