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Parallel Gaussian elimination on Shared Memory Model
with Application to Cryptoanalysis
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with the precedence constraints for £<n .

Tk.j.k << Tk,j.i for all { such that k<i_<.n
To+1i KTy, for all j such that k+1<j<n
Typjii << Tyappi  for all i>k+1 and j>k+1

End Parallel Algorithm.
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