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Z" refers to an electrode
placed on the mid-ine.

(a2 1) EEG &3 ¢st 2& d= x|

(http://www.immrama.org/eeg/electrode.html)
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2.1. EEG &3 ZH|
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EEGE 9] &5-& 7183l 7o & 1 A
ol ole A o] AHZE F 4 TR/ ARRITE F
Ad=le] 9Jel8]. 2+ 72 EEG Al wis) 7+&s] A
W3alH, Alphats 5HE &5 §lo] ARSAPL A
(relaxation)= F3l= 5t HAS= AlEo] 1 Beta=
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Thetat= AH8-A19] & WA F8) AREE Alse]H
Deltat= <H& & of Aol

En
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(Z 1) =o A=

kI

% F55 B9
Alpha 8~13 Hz
Beta 14~26 Hz
Theta 4~7.5 Hz
Delta 0.5~4 Hz
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o] 7Fsdtths Aol Ao r FHE Follw A4S
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(linear discriminant analysis) 7]*-S &-8-3+ AR8-#} <l
Z71WMe AQkslelc) Adahgia spHe = xche
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127192 AU APNATE S em0} 2
ZEofA] Folzl glHghel el 71
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Soll &84 < alr} Sun [13]2 A7l 71 AHAL
ol ohiel e §oli S T o) 449
EEG dlo|E]Z5-E CSP (common spatial patterns)<-
3 A W E F53 5 dFAATE I A7
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