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Communication parameters

Number of antenna, A/

Bandwidth ) (2 MHz
Carrier frequency. 1. 512 MHz
OFDM system FFT size .51z B
Sampling period, N, 6 OFDM symbol
Window size, NV : V= (10.30. 50. 70. 100)
System SNR, SMR. SNR. = 0,30/ dB
Speed. ¢ v e [0.100] km/h
_Measurement failure probability, p _p 0.1.1] '
Rician factor, x 10 dB
LoS probability. 10.125
Hyperparameters Valoes

CNN RNN
Optimizer Adagrad Adam
Learning rate T 7 0.01 710.001
Batch size i 512 i 1024
Number of epochs 500 : 100
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