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Parameters Specific Value

Batch size 3
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Environment Setup
(upgrade pip, install dependencies)

Data Handling
(upload and load data)

Model Preparation
(KoBERT model and tokenizer)

Tokenizer
(KoBERT Tokenizer, BERTSPTokenizer)

Dataset Preparation
(transform to TSV, split sets)

Medel Architecture
(define and instantiate model)

Optimizer
(AdamW, warmup and decay)

Training Process
(training loop, scheduler step)

Evaluation and Metrics
(accuracy, precision, recall, F1)
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