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Table 1. Hyperparameter

Configuration Value

Batch 64

Subdivision 16

Momentum 0.949

Decay 0.0005

Learning Rate 0.001

Activation Mish
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Table 2. Results

Model Backbone AP50
YOLOv4 CSPDarknet-53 44.15
YOLOv4-CBAM CSPDarknet-53 47.77
YOLOv4-P5 CSP-P5 48.63
YOLOv5-P5-CBAM CSP-P5 50.53
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