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Table 1. Dataset Configuration

Type Train Validation  Test Total
Cirriform 930 89 108 1127
Cumuliform 887 96 125 1108
Stratiform 847 112 96 1055
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Table 2. Model Performance

Type Precision Recall F1 Accuracy
score
Cirriform 0.68 0.75 0.71 0.75

Cumuliform 0.58 0.50 0.54 0.50
Stratiform 0.56 0.60 0.58 0.60
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Figure 3. Model Performance
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