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Table 1. Constellation labeling
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Fig. 1. Modulation classification process by YOLOvVS
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Table 2. Prameter setting of YOLOv8

Optimizer SGD s5E 0.001

BatchSize 64 Epoch 50
REEN) 608 * 608 Layers 53

A3 | Leaky ReLU | IoUA 05
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Fig. 2. Confusion matrix for modulation classification
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Fig. 3. Loss and performance graph (x-axis '@ epoch, y-axis :

performance value)
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