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Model Inference Time (s) Peak Memory (MB)
short long short long
SoundStorm | 1.0868 2.4683 2,279 3,756
Proposed 1.0559 1.9979 2,173 2,573

¥ 1. Inference Time ¥ Peak Memory H|xL

Model NISQA-MOS | SECS
Ground Truth 4.122+40.047 | 0.7926
SoundStorm 3.8784£0.033 | 0.4192
Proposed 3.84940.033 | 0.4058
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