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Algorithm 1 Meta - Learning Psuedocode
1 plocednre Meta-Learning (D, M, T)

Input:  D: Meta-data, lnere: Meta-loss, My: LSTM model, T: Sample batch of task
3 Output: 6y - Meta-model weights, M., - Meta-model
4 randomly initialize 8, i

5 : foreachtaskT; inDdo

6+ Diin Drest < SplitData(T;)
7

8

[N}

B,(f) « Train (Dmm ,8.9,_” )

6} « FineTune (MJ BS),DS?;,) « update initial weights

9 : Mpeota + Update(ﬂf,‘;))
10 :  endfor
11 = return By, Mg

12 : end procedure

13 : procedure FineTune(M, 6, D)

14 : Finetunning meta weights 6‘_(,‘;) using task specific weights and model
15 : return Fine tuned meta weights H)(H’.)

16 : end procedure

[2¥ 3] Meta-Learning Pseudo Code
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