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2.1 Feature extraction

= i“ﬂlﬁt 3”"‘.4%101 E*XH

R

dl 15101]*1 7
o, A%7HA

Packet Flow

Packet Size 18

Packet Interval 19 16
Packet Flag 12
71k 20

otk X*ghe 72t
T #E Folth

ol dis] At Aol e Al

ko] 7|t E=aE v

L

“

2 Scikit-learn ZHo]B.#12] 9] SelectKBest F2& AHE-3}o]
hi-square #& 71502 &3 A &7 5 43 36712
%5& A5 Yepdl 97l 28 (Packet Identification) ¥+
(Packet Flow) ## &4 670, 3|71 =7)(Packet Size
@ E4 370, A 714 (Packet Interval) & E4 1671, A Zg
(Packet Flags) #& 574 670, 718t 54 377F FEH3 o, ol& E3f

Ex
-
dlolg el B4 Sk

E
=
E

=78
) &

2.2 Classification models
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2.4 Experimental result
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