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Fig 1. Basic structure of LSTM model
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Fig 2. GRU Cell Basic Structure
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Fig 3. Growth prediction system configuration diagram
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Table 1. Features used for training
Features Data Unit
in_templ L °C
in_temp?2 Wi &5 °C
abs_humi Al 5 %
light 3 Ix
co2 olAtslea ppm
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Actual vs Predicted: Growth Prediction LSTM vs GRU
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Fig 4. Comparison of prediction performance (RMSE) between
LSTM and GRU
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Table 1. Features used for training

Parameter Value
Learning Rate 0.01
Batch Size 32
Epochs 150
Dropout 0.2
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Actual vs Predicted: Growth Prediction with Tuned GRU Model
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Fig 5. GRU learning results after hyperparameter tuning
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