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Class \ method OccFormer5] our method
barrier 0.683 0.671
bicycle 0.358 0.341
bus 0.837 0.853

car 0.79 0.798

construction vehicle 0.330 0.359

motorcycle 0413 0.531
pedestrian 0.541 0.547

traffic cone 0.366 0.377

trailer 0534 0.536

truck 0.773 0.754

driveable surface 0915 0.917

other flat 0.664 0.661

sidewalk 0.636 0.642

terrain 0.670 0.671

manmade 0.783 0.785

vegetation 0.758 0.760

mloU 0.629 0.638
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