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& Define reward components
--angle_reward_temperature = 2.0
- angle_reward = torch.exp(-pole_angle.abs() * angle_reward_temperature)

--velocity_reward = torch.exp(-cart_velocity.abs{).pow(2) * velocity_reward_temperature)

1
2
3
4
5--velocity_reward_temperature = 0.5
[
7
§--velocity_pole_temperature = 0.05
9

--velacity_pole_reward = torch.exp{-pole_velocity.abs() * velocity_pole_temperature}

11--position_reward_temperature = 3.0
12--position_reward = torch.2xp(-cart_position.abs().pow(2) * position_reward_temperature)

14:-# Combine and normalize individual reward components

15 reward_normalized = torch.stack{[position_reward, velocity_reward, angle_reward,
16---velocity_pole reward]).mean(dim=0)
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# Reward components
--angle_reward_temperature =5.0
-~ angle_reward = torch.exp(-angle_reward_temperature * torch.zbs(pole_angle})

--velocity_penalty = -velocity_penalty_temperature * (cart_velocity ** 2 + pole_angular_velocity ** 2)

--position_penalty_temperature = 0.25

--position_penalty = -position_penalty_temperature * (cart_position ** 2)
10
11---# Normalize reward components
12--angle_reward = (angle_reward - angle_reward.min()) / (angle_reward.max(} - angle_reward.min(}}
13 velocity_penalty = (velocity_penalty - velocity_penalty.min{)) / (velocity_penalty.max{) -
14+ velocity_penalty.min())
15 -positien_penalty = (position_penalty - position_penalty.min()) / (position_penalty.max() -
16+ position_penalty.min())
17

18-# Combine reward components
1% -reward = angle_reward + velocity_penalty + position_penalty
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