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Fig.3. The proposed model architecture
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Table 3. Metric scores for the collect dataset

by model.
SSIM? | PSNR1T | UIQM !
UDCP 0.5535 | 11.4918 | 2.2563
UWCNN 0.5520 | 11.6468 | 3.0086
Water-Net 0.8182 | 18.8687 | 3.0350
FUnIE-GAN | 0.7692 | 18.6190 | 3.0374
Ours 0.8990 | 22.3993 | 3.2618
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